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1.6.1 LXJL100

Postgres Lakehouse IZDWTHF TR Z{RBEER LI, A L=V ara—7 1 Y IhNHEh T
5Z2TT, ZOFKEHTED, A b=V arva—T4 Y ZEMIL TRy =V VI TELD, 7
TR THARTRET RN, I BRET 20V -8 — FICRIETT, RSN N—FFI74 71T —
REREEFT 2720720012, w2y RIFETA FUVRBICLTBLDREEF LA DD A, 2ORDDIC,
T—=REA 7= PR ML=V (L2dEEEMATRERIER) ITRFEL, BERIHICS =) 2577
B27DIHEIRAY =T 4 YTV —ADAE T a =y I TEET,

&Qoq\ Vectorized -
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) ngine .
%d'o Object Storage

DataFusion Lakehouse
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(Splitgraph)
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1: Level 100 Architecture

AY¥a—7 4 YT XY bfbENZ ) 2P UH Lakehouse T— 7N % 7 TV TS5 XS5
RE(LZNTOWE T, TEBRAEMED72DIT Postgres IZ7 + — LNy 7 LE T,

A b L—IITIX, Lakehouse 7 — 7 /UIE T EE{L X 7=, EEICEMATERYIfEMA b L —PF
REFHL TRFEINET,

1.6.2 L)L 200
INHEDH—ELANREDEIICHAEDINTVED2ERT. 5P LEENLERZMTFIRLE T,

A
o

Single Pane of Glass Console
Web Interface DATA ENGINEER
- Administration
Programmatic CLI and
API

ANALYST

Dashboards & B

Managed Data Lake
nai
F

DEVELOPER

Data-Driven Apps

EDB Managed ‘ Public Cloud
Private Cloud + On-Premises
Customer Managed

EDB POSTGRES STORES OTHER RELATIONAL STORES DATA LAKE(S)

2: Level 200 Architecture

1.6. £TH5IEHBD 5
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1.6.3 L X)L 300
PURE, oS o XD FElsi kKT 3,

Metastore
(control plane)

Schema / Table Defi

PostgreSQL 16

(EPAS or PGE)
Table q
“Materialization” Metastore Poller Pa'ﬂ”‘f“ e Te"ada'a
; ‘hw‘w\‘ J‘m“:‘” (a.k.a. “metastore agent”) + partition infe
seafowl_pg : :
CustomScan for full query . "
oran FDW if can't run full Q“e‘”ej / P_f“a Seafowl Rarquet Files
query on Seafow! Flight gRPC (Apache DataFusion)
Persistent Volume, ~2GB NVMe Ephemeral Storage Object Storage
(PGDATA) (PGDATA/base/pgsql_tmp) (via “Storage Locations”)

System Tables Cache + Local Spill-Out space DEHEREES

Role definitions, schemas, DataFusion temporary query execution Multiple buckets, could be
tables, etc. spill-out space, cache for Parquet files from separate owners. Each table
(no “actual data”) object storage has a location.

3: Level 300 Architecture

6 % 1 Z Introduction



25 Quick start

ZDIA4 v AX—FTE, RO EITVET,
1. Lakehouse / — FZ{ER L £3,
2. i¥HD Postgres 7 74 7 ¥ b REHL T, — FIZERL X9,

3. A7 227 b AL =YADH ¥ 7))V 7 —& (TPC-H. TPC-DS. Clickbench, %7z!% 1BRC) %7 =
JLET,

FE & B E R HABNCOWTIX, PGAA functions reference B IR L TL 72 & W,

21 EA

Postgres Lakehouse (&, EDB Postgres ® Al Platform L T7abE Y a=> 2" TEZ 25 LW XA 7D Postgres
75 A& (ERBRIZE1 7 —FDA) TF, Apache DataFusion 2 X— 22 L7277 b =) oD V%
BEWLTBD, 7Y M A bL—IAND Lakehouse Fl$5[A 7 — 7L ( Delta Lake protocol Z{#H) 12
M oEHEs ) Z2EBLET,

211 HloTHEIREZL

I OWTIX, BEEBLR B X O PGAA functions reference IR LU TL & W, 72720, HloTHBLR
XEREAL Y MIRDEBH T,

* Postgres Lakehouse / — R IZ—KRHI T,

e Postgres Lakehouse / — K&, A7 =27 b AL —=FHDRYFv—IT—RELy b 27TV T3
LD ICHEATRENTVET,

* Postgres Lakehouse (33 135t A D HHT I, £ALINI TR TOERIR Postgres 27 TV &R —
FLET,

o VAT LT =TI NEEXIAAABERDT, 2—F—r B — 2 ERTEET, ZhoDT—7MI7
Ry FENETRY ZZAML—JRMREFEENE 2D, 4 VAR ZAOHEEEL ORI, Ny 7
7w TV A N TEEO—ERE U THRFI N E T, Lakehouse 7 — 7 WEHRMEINCA 7Y = 7 b A b
L=V EINLE 2D, Ny 727y FWZEEENERA,

21.2 EXNBT—FTIF v

RDOXIZ. Lakehouse / — FDAR v Z ZADOHNEBEZRLTWET,


https://github.com/apache/datafusion
https://delta.io/
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Metastore
(control plane)

Schema / Table Definitions

From Control Plane “metastore”

PostgreSQL 16
(EPAS or PGE)

Table
“Materialization” Metastore Poller
1 (a.k.a. “metastore agent”)

Parquet Fil

seafowl_pg

CustomScan for full query
or an FDW if can't run full i Seafowl
query on Seafowl o (Apache DataFusion)

Persistent Volume, ~2GB NVMe Ephemeral Storage Object Storage
(PGDATA) (PGDATA/base/pgsql_tmp) (via “Storage Locations”)

System Tables Cache + Local Spill-Out space Delta Tables

Role definitions, schemas, DataFusion temporary query execution Multiple buckets, could be
tables, etc. spill-out space, cache for Parquet files from separate owners. Each table
(no “actual data”) object storage has a location.

1: Level 300 Architecture

22 IL®S
HCP A—ZMcn s A v LTTRY =2 FRERLES, 77 AX—2{ERTE X T,

2.2.1 Lakehouse / — RZ{EKT B

IaY s b R=I T, [FRIEM] > [Lakehouse Analytics] %33R L %3,

H Database Cluster

Deploy a single node or highly available Postgres

Distributed Cluster

lut Lakehouse Analytics

Deploy an Analytics Cluster with new exciting

capabitilies

2: Create Lakehouse Node Dropdown

DI SRAA—DIER R—I D E, 7oL — b EARFEREIHIRAZLELRZEIRTEE T,

ARXZLER ZERL. BONSHE 23BN ET, I SXE—DIERR—I0HE, 77 A% —
DY A X EHEERTEET,

8 £ 2 & Quick start
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€ Back Create Analytical Cluster ©

Choose Path

Choose Your Path

Use a template or build from scratch,

-
No Templates Available, Yet... Custom Build
Notemplates are available, but you can create your own! Start building a Customize every aspect of your cluster, from primary settings to backups.
new template below. Best for advanced users needing flexibility.
Create New Template Start from Scratch

3: Create Lakehouse Node Wizard Step 1

€ Back Create Analytical Cluster ©

Cluster Settings  Additional Settings Cluster Summary

Cluster Type single Node
Cluster Name ©
Cluster Nodes 1node

Cluster Name -

Tags -
Password Deployment Location managed-
devspatcher
Passwords must be at least 12 characters.
Postgres Type -
& ® a
Postgres Version -
CPU Cores =
Memory -
We do not store your password and cannot retrieve it. If you forget your password, you can simply change
it on the “Edit Cluster” page or from Clusters Action menu. Networking Private
Backups Retention 30 Days
Scheduled Backup Time 21:49
Tags
® Add Tag

Deployment Location
Location

managed-devspatcher

Database Type

Please reference this page for more information on database types.

Postgres Type
PostgreSQL | EDB Postgres Extended Server | EDB Postgres Advanced Server
Postgres Version Software Image

© 16isthe minimum supported version for Lakehouse clusters

Instance Size

CPU (0.1-15 Cores) Memory (0.1-10Gi)

4: Create Lakehouse Node Wizard Step 2

22, IEL®3 9
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ZFOH., ISAA—R—JIZED., FRENZT FARXR—DRATF—RARTERTEET, V5RAEX—DT
BT a AT 10~15 035 Ea0H D 5,

W OO EEHIE:

e RRAT—RIITHETIANKE IV, BRENRAT— F2ER L, AV — R —3 v — 2R F
LTL77Z&E W, HCP 3SR T — FEMREFEL A,

» EDB Postgres Advanced Server ¥ 721 EDB Postgres Extended Server ZZRT X £3,
c VIARAR—DY vy XY VI, NVMe K74 7 LDFTRTOTF—XBRONET,

o VAT LTI NHADKGET — R (L—F—, B—LRE)Z, HEEIhio7ay 7 AL =Y FN
A R FESN, RNy 727y THETCHA 2 V2R TR SN E T,

* Postgres 16 DAY R —F SN TVWET,

2.3 Lakehouse / — R DIE{E
231 /—RIZERTS

EDB Postgres Al Platform 2> 5t 27 5 2 & —24&#i 5 2 D L R C/TIE T, EED Postgres 7 74 7 > b
75 Lakehouse / — FICHEHICEE T, 7 7 AR —DFMR—JIBH L, HEixFyzar—LTL~
SN

Bl 21X, .pgpass @ BLOB % ~/.pgpass 22— L %3 ($YOUR_PASSWORD X7 5 R X — DiLEKFICTE
ELIRRAY — FICEZMZTLEI W), 20%, HEHCTH|Z a ¥ — LT, psql £7213 pgcli D55k
LCERTEET,

—fRINC, D Postgres 7 7 AT Y P THT —RXR—RIHEMTEET, IRXRTDA Y IPRART Y a v
JTYDPKEREST A Z e 2L TED, BEELRWIZ 2 BROD o G EEANTTE,

2.3.2 §l0z2EHET S

o INRTDY Z AXiX EDB Postgres Advanced Server ¥ 7z1% EDB Postgres Extended Server % il L T
VWET, 2D, EFCINED T L —N=DER T —TADA VA b= LARFRINZ
ZZHRMIBELZEW,

s JIVARERT =X RV F =77 =Xty bRE) IF ATV PR ML =DRTAET—T
N LTREFEENE T, IRTDIZFTAX—F, AT =7 727 X—1~1000 DXV F<v—27 F—
& (TPC-H., TPC-DS. Clickbench) Z&L A ML —I N7 v F2BBT 2 L5 ICHANICE— FXh
TWVWEI,

o BfE, AWS DAY R — TN TWVWE T, BYOA (Bring Your Own Account) {ZH R — b XN THZE
A,

* EDB Postgres Al 777 ¥ b TEMEEIN TV A EEDY) =Y aviZ/ 7R X %7 a A TEET,
BV =Y avilF, N F = FT—RDA—MREINLAT Y MDD ET, ZDD, 75
2R —BEHTEL, ZDHAVOT—2 a DRV FI—TF—RPFEHINET,

o VAR —IF—FRDBDTT, YRATLT—T7N (m—)b, 2—F— HRZY) OF—XERE,
N—=FRRIAL W T —RIRFEINERTA, VIARZR—FHEFRTIN, VIRARXR—FNy I T v

10 % 2 Z Quick start
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TLTrBETTL L. TNODT AT AT —IANETTSNE T, ZL, A7V =7 PAML—
PHADT—RBZZDOEFEKED 7,

¢ VIRR—FIA T2 PAML—VHADT—RIINTE2HARDER IV ESR—FLTVE

T, 2—HF AR EDEDODI AT AT —TINADEZAALZZVIFFR—FLTVWET, F
T2 APV RXEBEEEZRAD I3 TEERA, T/ 7—TINZ2ERT 22 TEZ
Ao

s MHDT—2%2 4727 b AL —=2i2u— FT 2855, Reference - Bring your own data % %
LT ZE W,

24 ROFI—=UV57—2ty b 2RETS

RYFR—T T =Rty PEFARTLFEEY, TRTDI FREX =12, TSRXMEHTEZRYFv—7
T=EAPHEINTVET, pgcli ZHHLTWAEEE, \dn ZFE(T U TCHHARER T — 7 VR R TE
£9,

FHARERR Y F =2 T—=2ELy MNIRDOEBDHTT,
e TPC-H. A% —/L{RH 1. 10, 100, 1000
« TPC-DS. R 7 —L£2%1, 10, 100, 1000
e ClickBench. 1 {17
s 10{EfTF YL VY

RNV Fv—7 T—=Xty bDFMITOWTIX, Reference - Available benchmarking datasets 2R LT 72
S,

25 RVFI—UV 57—ty bz2oIT)TS

W OrDERARWR 7 T Y EFEITLTATLEEWN,

edb_admin> select count(*) from clickbench.hits;

SELECT 1
Time: 0.945s

edb_admin> select count(*) from brc_1lb.measurements;

(RDR—J12HKi )

24. RyFR—UT—82ty b 2REITS 11
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HIDR—=I 05 DFEx)
SELECT 1
Time: 0.651s

iRl

SRR EEE Sy ) O BMICEE T A 1EHICOWTIX. PGAA functions reference S L TL 72
X\, 1N

12 % 2 Z Quick start
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B 3E Tiered Tables

BT — 7z & b, EDB Postgres ®l, a—LF | 7—XZa X MIROEGWA TS 27 P A ML —
JWCHBMICBEIL, TRy b =R T34V I H 72 a VAL —DIRFT 52T, KM
BRRHER—ZXDT =&ty P ZRANTEHTE2 X518 D ET,

TDNREX—NF, T—Zty NRIEANDERRGN T 7 AL BB S, X7 3—< A2 aX+D
WA EREL L 3,

NA Ty Rt —Y v — (HM) NTREILT — 7V 2 RER LB T 2 HIEDOFHICOWTIX, Tiered
Tables ZZHR L TL & W,

3.1 BEET—TILLik

R (L7 — 71, Analytics Accelerator 77— 727 F ¥ 12 X o TH7R— b+ 4T % EDB Postgres Distributed
(PGD) DA T 4 THERET T,

RDDDEMEHL T, K= T 4 ¥ a v EIEN T =TI A DENS—T 41 2 a2 PGD b4 7Y =
7 b A+ L —3 (Apache Iceberg TER) ICHEIHNICA 70— F L £,

e PGD AutoPartition IC X 2 HEIS—T 4 a7t 74 794 ZAHIH
e F 7R —FEINTT—RDI )T 7 ADDHD PGAA £ PGFS
o TNFURALHEERED-DDL T arD 74 AN—Fhixnar

ZOME, Ky FME®PGD) L a— LR B (F TV AL =) ZbEE3T—XADY— LV RATE
By 7 ANEHRL 7,

BB T —2EEE(

3.2 EDBAMICEWTHRBE T — T I EELIER
PEJERL T — T EAARRIC . s TRO XS B XV v b 23H D £F,
* PGD#HMHA ML =Y ZMELR L, BT 4 =< YV RIMRD
e HWF—XEF TV PRAL—JIZA 7R —FFTBIETA ML —YaX b Z2HITE
e SERRT—REy bADH—INI27 V) 7 7 REHFFT S
* Postgres T OLTP ¥ OLAP O/ DL — R — A %P K- T
s BESMIDIZDDVA I NIRRT =T 7 F ¥ &2 FEET 2

BEEAEE: Analytics Accelerator concepts


https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/tiered_tables
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/tiered_tables
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3.3 EDBHRERBET—TIZ2RETBHE

aA7aAVR=—3V b

* PGD HEjS—F 4 > a >

o REEIR—ZADFT LWV S—FT 4 > a VEEHBINER LT

e F7u—FDXRA IV EFIET 27291 analytics_offload_period ZEF L £

* PGFS:

e F7U—FINETF—ZRHOFA T2 FPA ML —IANDT7 7 R BEML £ 5

* PGAA:

* PGD JE & Iceberg JBIZH /=2 M—EN/z7 2 ) EA[REICL ¥ T

e A— L RF—XHEHDA 70— R 2— (table_offloaded) ZfEM L %3

o FFTarvoKluhku

« HAFYRLIORT Ty b T h— L OMIEE R A b

7 ) OEE:

e WHPGD 77— N T B 72V, KAy b TR a— L FF—XROMFICHINIIT 7k XL

N

e« PGD 7Y 5 F—lF. WHEREA]Z v 2 LT, A ML—YEHOY 722 EEILLET,

e AL =2 aAYEa—Ta1 7 DDE

e ETIL/ELT

e OLAP/OLTP

3.4 —fixR B ERH

Use case

Tiered Tables + Analytics Accelerator

IoT and telemetry
Regulatory and financial
data retention

Analytical reporting on
historical data

Hybrid OLTP / OLAP
patterns

Manage large time-series datasets with automated offload

Cost-efficient storage of historical data with full auditability

Use Lakehouse nodes to query offloaded data at scale

Keep current data fast on PGD, analyze large history in Iceberg

14
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3.5 ZEIR—ADHIAVR

T —AR—AEEHE (DBA) Analytics Accelerator for your role: DBA

T—=XY AT 4 ANMTF YR Analytics Accelerator for your role: Data scientist / analyst
DevOps / SRE Analytics Accelerator for your role: DevOps / SRE

7V — a YBFEHE Analytics Accelerator for your role: Application developer

3.6 FHNZR
Analytics Accelerator 101: Foundational concepts

Analytics Accelerator 201: Practical application and core solutions

Analytics Accelerator 301: Advanced techniques and optimization

3.7 BEER
F—2RE1t
2hL—avEa—Fa2I008

ETL/ELT

OLAP /OLTP

3.8 XDRATvT

NATYw R =Y ¥ ——F —[[} Tiered Tables
N7 —77 4 F Configure PGFS storage for Tiered Tables
Configure PGD node group for analytics offload

Configure BDR AutoPartition with analytics offload

Query Tiered Tables from PGD and Lakehouse

Analytics Accelerator learning guide T& HIZFE L  FANRTL7ZE W,

3.5. REIN—RDHIHZV R

15


https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/tiered_tables
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/how-to/configure-tiered-pgfs
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/how-to/configure-tiered-offload
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/how-to/configure-tiered-autopartition
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/how-to/query-tiered-tables
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/
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HCP Lakehouse (&, 7— &R0 LTHMH 7 =) ZETT 2720072 —/LTF, Postgres FITHEEX
NTWB 7z, BEFED Postgres ICBS 2 Ak & Y — V2 {GHTZ 3,

Lakehouse Z R KRRICTEA T 212X, Quick start 1> TRV F =7 T =K% 7Y LTLEE WV, %
D&, ME®D T — & ¥ query the delta lake tables Z 12— K L TATL 7Z& W,

ZDt7yarTiR, Ao TBINREFEHERFHDOWL OPIZOWTRHLLIHHL T,
* Benchmarking datasets

* Queries in Lakehouse

Delta Table tools

e DirectScan and fallback modes
* Users

* Loading data

* PGAA functions reference

A b= DY R B 5 720 D PGFS BAEIDFHMIC DWW TIX, Al Factory PGFS documentation % 2
LTL7ZZW,

4.1 Benchmarking datasets

Lakehouse / — FZ7mbya=r 323, ¥ NDRVFv—2F—&X+t vy b BEL AWS us-east-1
DTV w7 SBANTy MR T KO ICHAMMER SN E T,

0 IR
INHDT =Rty M7 7RRT2L, T—REEDARMRREL, V- a VHOBENFEET

SAREMED D D %3,

INoDT =&ty FHNOT—T N2 RAFXF—HLTERITLITr/ZYTEET,

Schema name Dataset

tpeds_sf_1 TPC-DS, Scale Factor 1
tpeds_sf_10 TPC-DS, Scale Factor 10
tpcds_sf_100 TPC-DS, Scale Factor 100

RDR—I1Hi <


https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/how-to/query-delta-lake-tables
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F1-—FOR=—Ih5DFX

Schema name Dataset

tpeds_sf_1000 TPC-DS, Scale Factor 1000
tpch_sf 1 TPC-H, Scale Factor 1
tpch_sf 10 TPC-H, Scale Factor 10
tpch_sf_100 TPC-H, Scale Factor 100
tpch_sf_1000 TPC-H, Scale Factor 1000
clickbench ClickBench, 100 million rows
brc_1b Billion row challenge

"!'note [ClickBench 7 — & (283 2 EEHEIH)
7 — &%l (EventData ) X HfITld 7z S BE T T,

ClickBench DFNIZHIIF KX FEDEENT WS 20, SIHFTHORED D D £33, Postgres TG | HFF
THENTORVEIIFIIRCF e MCFEZ XL ER A, A :

X select "Title" from clickbench.hits:

X select Title from clickbench.hits; !!!

4.2 Queries

FMAMDEHIZ U R—=FINTVET, A7z PR ML —DICEBEEZADLZ I TEEE A
ZAUTIX, Postgres DT RTDHAAALBEE, AT — b XV b, BIUOEIEEhET, /2. AT
T4 AMYE2—a IZJE LT, EDB Postgres Advanced Server ¥ 7213 EDB Postgres Extended Server T
Ritxhzb0bBENET,

F—X DA, B, HlkR, ZOMOZEHEIZTE £ A, CREATE TABLE i3/ — F_EIZEH O Postgres 7 —
TNVENERT 27:DICDAFHTEE T, 20/ —FE—RHURDIDOTHD, BT T2 HEINET,
CREATE TABLE... USING PGAA . S3 HiftA 7Y =7 + A b L — YD Delta Tables %S85 3 4587 —
TNEAER T 272D b HHTEXT,

MEDETL 227V 7 2§ %5, Delta 7— 7L £ 7213 Iceberg 7 — 7 NAANDEZAAZ Y R— T35
P— R =T 4 DETL a4 X—ZFHL T, WA TATy MNITF—&2Z20—FT30ENHD £7,

FECDOWTIE, Loading data B L TL 12X W,

ME—DFEIFMNZE, Postgres DS AT LT —T b, DFE D2 —H— v—i, HROREFHEHINET—T L
T, TNHDT—=TNMER—=HANT Y 7 TNA RIREFES N, Nv 7Ty T VA M7 IZEENET,
Z®D7-%, CREATE USER. CREATE ROLE. %721 GRANT USAGE ZfHHTHEX. ZhbD2—¥—, m—
. MERRIZFIERBIR Y X P 7RI N E T,

4.3 Delta Lake Table tools

4.3.1 Delta Lake 57— 7 L D{ERK

deltalake Python 51735 OfER

deltalake Python 74 77 VAL TTAX T =T A RIEB L. N7y PCEZAL I N TEET,

18 % 4 Z Reference - EDB Postgres ® Al Lakehouse
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lakehouse-loader 1—F 1 ) 5« DfEH

%72, EDB 282 D& 27 FIAERL L 7= lakehouse-loader 2 —F 4 U 7 4 2 LT, {EE D Postgres 4 >
AR YAPB AL =I5 v MAD Lakehouse 77— 7 M T —RXEZ L7 AKR—1+ T2 HTEET,

7= & 21X, lakehouse-loader = —F 4 U 7 4 DIGH:

export PGPASSWORD="..."
export AWS_ACCESS_KEY_ID="..."
export AWS_SECRET_ACCESS_KEY="..."

# export other AWS envvars

./lakehouse-loader postgres-to-delta postgres://test-user@localhost:5432/test-db -q
"SELECT * FROM some_table" s3://my-bucket/my_schema/my_table

ZDa— KX, test-db 7 — X X— 2D some_table 7— 7 /LD 5 my-bucket /X7 v + D my_schema/
my_table »SRIZH % Delta 7 — 7 NWIZT — X2 T 7 AKR— M LET,

my_schema/my_table »XAD Delta 7 — 7V ST 24T — 7V ER$ 5 Z £ T, Lakehouse / — K
TIDT =TIV 7TV TEET, EITHEDFMITOWTIX, Querying Delta Lake Tables ZZf L T <
72 & W,

4.4 DirectScan and fallback modes

441 ZAL IR F v >

Postgres Lakehouse &, 2 =V 2{f% DataFusion (FJRERSGZED 7 TV UHICEH TN EZ XY bfbr =
V) Ty yakyy) TELLEICHRDEHRIRD T, (5%, MOWRT v 2 X7 D KR— b
PBIMEN, LD XDl RHIHSAEEICKRD £3,)

Postgres Lakehouse (&, 7 TV % 2 DODE— FTEITTEE T, £3. DataFusion N\ — X DHFFI$5H 7 —
RNR—=ZTH 5 Seafowl ZHHL T, 7TV L2EROFETEZiAAE T, Seafowl 23 JISON 7% £ D PostgreSQL
EHOEEZMEHL TV 22 EDBHTr ) &K% EITTEZR WA, Postgres Lakehouse 13 PostgreSQL
IIEF2—RITT =N\ 7 L, Seafowl lF7 — 7L DENE% PostgreSQL T/ ¥ F 2 —RIZA MY —
IVILET,

7 ) BIEFITEWGEER. ZFADEATH 2AREMEN D D £ 3,

4.4.2 EXPLAIN 2R LTI/ IV 7S5 2RI 3

2 YN LT EXPLAIN #EfTL. B EMD 7 TY ) — FM DirectScan TH 2 Z ¥ 2R3 Z & T,
YOE—FMEHXR TV A hEMRTEET, F:

explain select count from (select count(*) from tpch_sf_1.lineitem);

QUERY PLAN

(RDR—J12Hi )

4.4. DirectScan and fallback modes 19



https://github.com/splitgraph/lakehouse-loader
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/how-to/query-delta-lake-tables
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(HIDR=TI D 5 DfEX)

Aggregate (cost=167.52..167.55 rows=1 width=8)
-> Append (cost=0.00..165.01 rows=1001 width=0)
-> CompatScan on "16529" lineitem_2 (cost=100.00..150.00 rows=1000 width=0)
SeafowlPlan: logical_plan
TableScan: tpch_sf_1.lineitem projection=[1_orderkey, 1_partkey, 1_
—.suppkey, 1_linenumber, 1_quantity, 1_extendedprice, 1_discount, 1_tax, l_returnflag,
1_linestatus, 1_shipdate, 1_commitdate, 1_receiptdate, 1_shipinstruct, 1_shipmode, 1_

—.comment ]

(6 rows)

ZDEE. 7 )X PostgreSQL IZ & » THEAT XA, Seafowl 137 — 7 V%2 A% ¥ VT BBICOAMFEH XN
%3 (NEFD CompatScan ZZ M), ZDHEDEIETEIE. WHED COUNT( *) FNHIRANIC AT 2 A1
% Z & TY, Seafowl [ZFFERAIIC count (¥ ) &\ S ARl 2T £ 323, PostgreSQL 1& count ¥\ 5 i %
AL 7,

edb_admin=> explain select count from (select count(*) as count from tpch_sf 1.
—lineitem);
QUERY PLAN
DirectScan: logical_plan
Projection: COUNT(*) AS count
Aggregate: groupBy=[[]], aggr=[[COUNT(UInt8(1)) AS COUNT(*)]1]
TableScan: tpch_sf_1.lineitem projection=[]

(4 rows)

Z ZTC. E#fiz DirectScan BFRRENTWVWET, T, Seafowl 737 TV LR EEITLTWE I L2 E
L %3,

7)) 2 WA T Seafowl THREBICEITTEL LSICT 2 epHLWEEIRX. Y R—FF7 v 26
WTLZE W,

4.5 User management

Lakehouse / — RZ 7R b a =y 73383, SRAV—FZANTIXENHD £3, edb_admin 1 —
F—rLTrIA UTBIZNE. ZORRY — RPRBRETT, edb_admin T—¥ —1F, 2—%—, v—/1, M
BASE2VERTEZZA—NN—2—HF—FH VY FTF,

HCP X Z DAY — FZ2RELEEA.

edb_admin OBERIGME LG T2, FREFHHL THOZ—F —2/ER L. 2o DBERIERZ AT
BIEMWTEET,
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4.6 Loading data
4.6.1 MEDT—RZHLERAL

Lakehouse / — K%, TAXRT—INEELEED S3 ATy MZAT B I BAEETT, 27-L. Zh%
fI2NFVLK O EERFEALDD T, (ZABIEIFKDOV ) — A TN ZTETT,)

AEEIE
o T—TOLE. FODEAINT Delta Lake Tables ¥ U THRFET 2 0E R H D F 5,

e Delta Lake T—"7 ) (£721% Delta T—7IL ) . WL 25D JSON X &7 — X% &t Parquet 7 7 A
DT FILE—TT,

NTy MIT—2%Z0—-F733

lakehouse-loader L —7 4 V7 1 Zffif 5% &, fEE®D Postgres £ Y AR Y ANBHA ML —I N7 v FHD
Delta Tables ICF — X 2 L7 ZAK— FTEEXT, ZDI—F 1 U7 4 DAFHFIEL@HTEOFMICZOWT
\&. Delta Lake Table tools % ZE L 72E W\,

FEFAINCOWTIX,  querying delta tables ZZHR L TL 72X W0,

4.7 PGAA functions reference

4,71 HIE

A VAR ALEDTRNTD PGAA T — 7V, ZORIFEF. BLURREZ—BRRILET,

4.72 NTX—H

2L,
4.7.3 RO &
Column Type Description
schema_name text T—TINLDAF—<
table_name text T — 7LD EH]
stor- text T — 7V DIRTEGFR D AT
age_location_name
path text RIFSGFRD T — 7 NN ANDISR
managed_by text T— T NVEAER LTz 21— — D 44H]
format text 7— 7L DEA HTEX delta F 7213 Siceberg)

4.6. Loading data 21


http://github.com/delta-io/delta/blob/master/PROTOCOL.md
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/how-to/query-delta-lake-tables
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pgaa.lakehouse_table_stats()

4.7.4 BE

Lakehouse 7 — 7L DIFFN—2 3 YDA X (N4 MHRAD) 2 TRTOAN=Y a3 YOG A XEIRL
9,

4.75 NS X—4X

Parameter Type Description
relation regclass P A4 XeBFT % 7 — 7LD
4.7.6 RDE

Column Type Description

latest_snapshot_size bigint T—INDEHAF Y T ay bDOF A X (N4
I BLA7)

total_size bigint T—TINLDTRTON=T a VDEFHA X (N
A4 MHfL)

4.8 PGAA functions reference

4.8.1 pgaa.create_storage_location

B
S3HDA TP 27 PA ML=V DEFESRIT A2 LVRA ML= DEFEERL E3,

INFA=%
Parameter Type Description
name text REGT D4 Hi
uri text S3EMA TV 27 bR L —Y DRI URIJ
s3://bucket-name £ Tl s3://bucket-name/prefix)
options json REGFROA 7> a VEE
FFoay
Option Type Description
access_key_id text REGETD 7 72 A% — 1D

RDR— 125 L
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£ 6-HIOR—I DL DX

Option Type Description

secret_access_key text TREGFTOME Y 72 A ¥ —

session_token text RESFOXty > ay h—2

region text IR I55 T O HiE

endpoint text REGFIOTY FARA > b

bucket text REGFTD N T v k

use_http boolean RIFZPICIX HTTPS Tld7% < HTTP 2 {53
skip_signature boolean RIEGFRDBUGEEZ A X v 755

4.9 Supported AWS instances

Lakehouse / — FZ2 770 A4 TA3BIX. m6id 77 IV —DA VARV AR VARV AR, TRFERT
ARERHHET, BELRDIFZ. 25D Y AZ Y RITIENVMe R 94 THAEREINTVWE Z T,

AVRAVRNE—BHNEBEHDTT, THHDNVMe Fo A4 7F. ZZVEFAOZRY LY v MNEERE., 7
NRTF—=TNET 4 RAIZICF vy aFd7200AFHINET, NVMe F59 4 7 LEDOITARTOT—&
. VI9RR—=DBr vy P XU ENDZEDNET,

SRATL T=FIIIkEHMEEINE T, AT L T—INHNDKET —X (2 —F—, a—rR) ik #
MEN=T7ay 7 AL —I TN AREESN, —RHEEEBY A 2L ERTHOHERINE T,

HPR—rSIhTWVWBEIVRXEZVR

APIl Name Memory  vCPUs Cores Storage

mbid.large 8.0 GiB 2 vCPUs 1 118 GB NVMe SSD

moid.xlarge 16.0 GiB 4 vCPUs 2 237 GB NVMe SSD

mo6id.2xlarge  32.0 GiB 8 vCPUs 4 474 GB NVMe SSD

moid.4xlarge  64.0 GiB 16 vCPUs 8 950 GB NVMe SSD

mbid.8xlarge  128.0 GiB 32 vCPUs 16 1900 GB NVMe SSD

moid.12xlarge  192.0 GiB 48 vCPUs 24 2850 GB (2 * 1425 GB NVMe SSD)
moid.16xlarge  256.0 GiB 64 vCPUs 32 3800 GB (2 * 1900 GB NVMe SSD)
mbid.24xlarge  384.0 GiB 96 vCPUs 48 5700 GB (4 * 1425 GB NVMe SSD)
mo6id.32xlarge  512.0 GiB 128 vCPUs 64 7600 GB (4 * 1900 GB NVMe SSD)

4.9. Supported AWS instances 23
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B5E Delta Lake

Delta Lake 1. ACID ff3E. 2% —< DM, XA & F TN, AT =5 TARART 4 —< ¥ ARHA TR
HOT—2 L4 7%t 24 -7 V=207 —TNVER + 0¥ > ar L4 ¥—T7,

EDB (. Analytics Accelerator D —#8& LT DeltaLake 7— 7 V%2 7 TV T 372HDT7 7 —A M7 FAD
PR—bEAREIC L. KR L A 7 N7 25— & T Postgres SQL ZHETE 2 X 51 L ¥ 9,

Hybrid Manager (HM) T Delta Lake 23 3 X VBB E N 2 HIEDFANICDOWTIE, Delta Lake 22
LTS,

5.1 Delta Lake & |3

Delta Lake 1%, S3. GCS. Azure Data Lake Storage R EDA 7T 27 P A ML —Y YA T LT —EX—
AD XS EHMEr —HEZEML 5,

TR
o WA T—X—EHWEWA-ACID b ¥ 7> a v
o AF¥ —< Ol 2 F —< DELDH E— T

T—RDBREN—a VEBETE72DDXA LN TIL

e Ny FBIUPRAMY—=IVTDY K-}
 Apache Parquet I b Z ¥ 7> a > mnl (Ldelta_log) Zfiii7zA—7>Y 74 —<v b

BEER: A —TF > T =TIl

5.2 Delta Lake ' EDB $3#fIC & > TEELRIEH
Delta Lake DR — M2 X D, Analytics Accelerator [ZXD Z ¥ 23A[HEIC7 D 5,
* Postgres SQL Z i L CTBEfZD Delta Lake 7 — 7 L% 7 TV 3§ %
* Postgres, Spark. Trino. Presto 72 ¥, HHEEMHAIRER T —&X 7 —F 77 F v ZH K- L ET,
o YRAT LABORE T — X OEERLHH & PR
* Lakehouse 7 7 A X —ND5GH 7 2V, BHININ—Y a VERIhT -2 232

BEEER: EDB Postgres Lakehouse


https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/delta_lake
https://parquet.apache.org/
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5.3 EDB ' Delta Lake Z;EFH 3 3 A%

EDB Postgres Lakehouse 27 7 2 & —1%, PGAA #L5kI%AE% 8 U T Delta Lake 7 — XD 7 7 £ 2242 L
£9,

» CREATE TABLE ... USING PGAA WITH (pgaa.format = 'delta', ...) Z{#f L T Delta Lake %}
T —TNEERT S

* Apache DataFusion Zffif] L7z X2 b ALFEITIT X D Parquet N\— R D Delta Lake 7 — 7 /L% $h# 1
7=y L%,

o X —<DHE[R XA L F TRV ED Delta Lake FERED X V v F 2 EZ

BEDOERY R— b BEfFD Delta Lake 7— 7L D7 TV, PGD 7 7 17— RIZHFE Iceberg Z 5L LT
WE 3, Delta it AHDHAR—FMzkb., BEED Delta R—ZADF— XL A 7 DFEEDAEEICR D £7,

5.4 —i%B97%fERH)

Use case Delta Lake + Analytics Accelerator

Business intelligence re- Query Delta Lake tables using Postgres SQL and BI tools

porting

Data science and ma- Access Delta tables for model training and feature engineering

chine learning

Data lake governance Utilize Delta’ s ACID guarantees with Lakehouse SQL access
Cross-platform interoper-  Query Delta Lake data alongside Spark, Trino, and Postgres Lakehouse

ability

5.5 REAR—ADHI AR
« T—AN—REEE (DBA)
e Data scientist / analyst
* DevOps / SRE

s TV arvpEEE

A4 315 5\
5.6 FE/N\X
* Analytics Accelerator 101: Foundational concepts
* Analytics Accelerator 201: Practical application and core solutions

* Analytics Accelerator 301: Advanced techniques and optimization

26 %5 5 = Delta Lake


https://datafusion.apache.org/
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5.7 BEEER
o« F—HALAYUNIR

FEMZR -

AbL—=2aAYEa—Ta 27D
s =T T—TIER

58 XDATvT
NTVY R RR—Jvy—2A—H—@l}
* Delta Lake
NII—=HAR
¢ Query Delta Lake tables
* Configure PGFS for Delta Lake

* Performance tuning for Delta Lake queries

%&l

Analytics Accelerator learning guide TX 5IZFE L { FARTL Z&E W,

5.7. BHEBLR 27


https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/delta_lake
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/how-to/query-delta-lake-tables.mdx
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/how-to/configure-delta-pgfs.mdx
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Z6E Apache Iceberg

Apache Iceberg 13, 7227 PR ML —Y RITHEINE T —X L A ZAHIZEGEI S Nz, EtERER A —
T T—=INERTT, Rr—F 7N RBAXTFT-2EMH, Ax—<ift., ZLUTACID 7> H 7> ay
PRMHELETS,

EDB (& Analytics Accelerator N T Iceberg #7R— bt ZH#Z L, Postgres AR L T —&% L A 77 —T L
ERRANC TV BLOEHTE S5 X51CLET,

Hybrid Manager (HM) TD5EZE12-DWTIX, Working with Apache Iceberg in EDB HM 2SR LT 72 & W,

6.1 Apache Iceberg & (&

Iceberg ¥, 7—X LA ZANFICERET SN 7 — I VEA TS, 7—% 7 7 4L (Parquet. ORC. Avro) D
BB TEEZERL, A7V 27 PAML—JRTF—ER—ZAD LI HZL OEEEZBIML £7,

6.1.1 L BIE
o (SHEM: FRHRIEIC X 27— 2 O0— BN 2 TG

e NTFA—=IVR: N—T42arTN—oV e XEXTFT—XDOEBEICE D EE T U DA[REICZ D
e

o AT =SB T 1: RENAL MAEDO T — TV EEH T2 LI ICHEFEIhT0ET
o F—=T M BV TaY X T LDHKR— b %Az Apache Software Foundation 7’12 ¥ = 27 +

BEEAMES: Generic concepts - open table formats

6.2 ELEECFIR
- ZF—ROESL: F—TAT - REBFRAFIHE L 2B, B, FREAETEET

cBLN—TFTa>az=>yd: F—REBEBRINS—T 4 > a vREIL, MR AA—T 4> arTl—
=V EARBICLE T

e BALLIIRNILEN=DaVEER: BT —TNAN—Ta > Dr LY ZH K-
* ACID bS5 2H IS 3> BEINARETEREHL TN 2 Y7y a Y ORIEERE L £ T
s EHOT 71 IIHERD YR~ b: Parquet, ORC, Avro 7 7 A LEEHL 3

s WERMNBAIT—REE: X272y ) —MiE2@AL T, &dLs T Y5HE 7 —X X%y T
FHLEI,


https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics
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s AZOTRE: REST R—XD A 21 (Project Nessie, AWS Glue), Hive Metastore 7% & % H 7R — b
LS

6.3 EDB 2#fIC$H LV T Apache Iceberg EE A IRH

Iceberg ¥R — M2 & D Analytics Accelerator XD Z & AAJHEIC/R D £3
« BRAT—REDWMT—REHE: 1ERD Postgres 77— X £ WifT LT Iceberg 7— 7 A% 7TV LET
« BRARMROBVWA TSI R ML —S%ER: KEMBRBRET — 2t v b ERIICRE

e NTF—IVADMELE: X7 bULENIZZ Y I U Tleeberg XX T =R N=FT 4> ay T L—=
> RfERT %

e BRI ML —2%YR— b PGD EREERL T — 7 VIR D —ER & LT Iceberg IC7 — X %4 71—
FTEXT

« FELEMAM% RI: Spark, Presto, Trino, Flink, Dremio 2¥ DY —L ¥ F—XE2HHEL £ F

BEEEMES: Analytics Accelerator concepts - EDB Postgres Lakehouse

6.4 EDBY Y a1—> 3> hiceberg b R— 2 RETZHE
6.4.1 PGAA #L5k

Lakehouse / — K ¥ PGD / — RN ® Postgres Analytical Appliance (PGAA) 2 > 7K— % > M&, Iceberg X
RTF—=RET =27 7 AV EHARD ., BIETEET,

6.4.2 hAaOJEk

PGAA &, I N%E{#H L T Iceberg % 1 2 (Lakekeeper, AWS Glue, REST &1 772 &) It L £ 3,

SELECT pgaa.add_catalog(...);
SELECT pgaa.attach_catalog(...);

THZED, T Ao, AF—<DHARD, T—XDIZ Y HAEEICARD £9,

Iceberg 7—7 N D7 TV Z—HF —id, Iceberg 7 — 7 N Z2 ST 257 — 7 )L % Postgres TEFRK T X
£7,

CREATE TABLE my_table USING PGAA WITH (
pgaa.format = iceberg,
pgaa.managed_by = my_catalog,
pgaa.catalog_namespace = my_db,
pgaa.catalog_table = my_table

s

EFEEIND L. 77— 7L Postgres SQL Z i L TR 7 TV AJEEICR D £3,

30 % 6 Z Apache Iceberg
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6.4.3 Iceberg T—TIILADE FiAH

PGD X, A7 Y227 b AL —YHND Iceberg ERICT—& %A 70— RTEFT,
FUWKILT — 7V EERTEE T

BEFE DKL T — 7 U,

F78u— FEEEE., BER T — 7 Ve £ 5,

B PR T — 7L

65 BAENE YD

e Learn Generic Analytics Concepts
* Learn Analytics Accelerator Concepts

* How-To: Configure an Iceberg REST catalog connection in Hybrid Manager
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Business intelligence & Run fast, scalable SQL on data in object storage

reporting

Historical analytics Seamlessly query offloaded PGD Tiered Tables

Data lake analytics Query existing Iceberg and Delta Lake tables without ETL
Data science pipelines Provide efficient access to training data and features
Hybrid architectures Enable Postgres-centered OLTP + OLAP patterns

7.5 BEIR—ZDHIZ VR
F— RN — 2EWE (DBA)

* Analytics Accelerator for your role: DBA
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* Analytics Accelerator for your role: Data scientist / analyst
DevOps / SRE

* Analytics Accelerator for your role: DevOps /SRE
7= a VRS

e Analytics Accelerator for your role: Application developer

7.6 FENR
e Analytics Accelerator 101: Foundational concepts

* Analytics Accelerator 201: Practical application and core solutions

* Analytics Accelerator 301: Advanced techniques and optimization
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BRERILRER (RAG)

AAE: LLM 2 EIE T 281 — 205 RF 2 X ¥ b EEF T2 Al & —2,

HA: LLM B LK D IEMEICR D 7= RICESWb DIz b £3,

Fik: N7 MURRIGEET 2 HOAAZEE L, LLM dZhz Tar 7 b e HAEDEET,
EAT3EH: AIREE Y 7V OEEOEMEZ R X8 579,

Intro to RAG

Analytics Accelerator concepts TZNDRED XS WHHINE 0 ZMHER L T X W,

EMOBER
BRIV OREERMK

BE: ROV B LA JNOEETF—RICT VR RATER 7 —FT77F v,

BH: Mtz kdTnwEST, 0Fh, XFXFERLI—ZAF—XSQLZVI YV, TR P ATV
R )= TP, ANV =S VT VI V) CIEXERY —ADBHETT,

FHiE: A =7 F—INER (Iceberg, DeltaLake) IC& D, SAFIZUI Y 77 ANAEEICARD £F,
* Spark 237 — & % F Z3A¢p — Trino, Postgres Lakehouse, ZDMD LY P VB ZN% 7 =) TXE T,
e PGD 37 —4& %4 70— FLEF — Lakehouse 7 7 AR — WL PV NENE M TEET,

BRTIHBE: RVX =0y I VOROVERLRT R 7 —F 77 F v ZHELET,

T—ROEELLITVY

AB: T—ZDBLAZREET 23, BEZRNRICMA T2 ) 2RITTE X7,

BH: O RA2—F—F HILWT—ZADIFIEFEVTNEAL D7 7R 2T ETHFETZ XS 1Ck-
TVWEd,

Ji&: Lakehouse 7 —F 77 F ¥ 3P R— L F T,
¢ ELT A 754 V3L A 7 D7 — X e fihNICERTE £9,
e A—Fr T—TAEREZE. ThIvZaIv b b I avOREESR-FLET,
o X7 UL E Nz Lakehouse T2 ¥ i3, BHFiEdh7T — X ZHHBIC7 ) TE LT,
ERAT 358 TR2RY 2 TNV RAETL YA Z V2B e €312, AT — R EREBA M-I V7T —
REFHLET,
RISED
* Analytics Accelerator concepts
* Analytics How-To Guides

* Analytics Terminology
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Analytics Terminology

ZDR—Y T, Analytics Accelerator 35 X UF Hybrid Manager (HM) D HHSRE T X 2 FE L fRER
EFRLET,

B NTY— HEESA FRFNDEEIT, 74 v 7V 77 LR LUTIHAL S,

TINYFTARAN—T

ATV PAML=JIRRESINZ KGRI T =&y FAWJOA =T 7 =T NER, AF—=
b, 2L LTV, ZLTEL DT> Y Y (Spark, Trino. Flink, Postgres) & OFHHEHMEZ
L %9,

Apache Iceberg

TILEH

T—=RVLAZIZACID b Z U7y ay e GEEEZEBNT 24— 07—V A L =D LAY —,
_delta_log N Z ¥ 7> a >u kA7 Parquet 7 7 A )V BRI A TVE T,

Delta Lake

T—=R2LAINDR

TR UAZET =R 27NV ADEREHAGDELENOT —%7 7 F ¥
e FTV I PRIV ITF—RERET S
o =727 —7 N (Iceberg, Delta Lake) % #HR— h
o R MUbLENZ TV TP VR L T SQL o 2Rt L £ 3
s AbL—=YEaAv¥a—74 YIh o5

BEEEE: T—2 LA ONTR

EDB Postgres Lakehouse 7 5 X % —

AT 27 PA ML =IWRESIN TV T — &I U TEE SQL 27 =Y 2573 % 72912, Hybrid Manager
WKkoT/ueYazryrahiElEInWofiasa—T4 Y7752 %—,

* Iceberg B & O Delta Lake JEZ% 7K — b
o RZ7 ka7 =Y =Y (Apache DataFusion) Z L 3
¢ AF =S VT4 LARMIRDEDICA ML=V ara—T4 Y IENHLET

EDB Postgres Lakehouse
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EDB Postgres 98 (PGD)
Postgres D& E IR THIN— a v
s BN YA F AR —L TV = a v iRt
o BERT—-XEEl R -y (BEELT—7L) ZEICLET
o A7 = TN DI DI Lakehouse 7 7 AKX — & ¥ — 4 L A HHH

Learn more

PEERT—TI

PGD AutoPartition % i L TABIB LR HR—2D 7 —%t v + 2EH T 5 1¥EE:
* Ry FT—=RIEPGD + T U H a7 FAXNITHED £F
« O—JLKF—% 1 Apache Iceberg 7 — 7Y LTAT V=2 PR L —PicA 70— RENET
e JIV@EAY P T =R aA— IV R TF—XOWMGITEBRINCT 7 A TEET

EDB Postgres 5381 (PGD) tBEBI{tT—7')L

PGAA (Postgres ABERF 742 74)
Postgres TR®D Z & DAJREIC 72 % JLGRAKAE:
o =727 =7 (Iceberg, Delta Lake) D27 1)
e ATV PAML=DIZVy TSTENBT—TI ZERT D
* Power Lakehouse 7 7 A X —27 LY
* PGD fEEfLT—7 DA 7u—Fe 7Y Z2HMTT S

Example in use

PGFS (Postgres 7 7 1 JL> X7 L)

Postgres 284 7Y 27 b A ML =D 7 7R T 27DIHEHTESZXMNL—C DB 2 ERT 2 ILE
FhE,

* PGAA ¥ PGD 29Kl e 7 RO 7 7 & 21 fHH
« AWS S3. Google Cloud Storage, B LUOA#HMDH 2% - A2 P R— |

e FTI 2V MR =% 7T T EREDD %4 Lakehouse £7213 PGD 7 7 A X —THEAL S 2
BRHhET

Example in use
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B#j/N—FTor>3>
PGD XX BDR (W5l L 7V 7 —3 a ) OKRE:
« PGD 7 — 7 VDR — 2D =T 4 ¥ a R HEIINER L £ 5

e analytics_offload_period S EINTWVWAEHE, HHWASA—T 4> aryE2 4727 A ML —
JIWCHBMICA 7 —-F LT,

Example in use

BDR #h7—7)L
NEEPGD 2>+ 7 b

« analytics_table ¥’ 2 —1Z, ¥ D PGD 7 — 717 Tiered Table # 71— FDOXR Y L T~v— 27 XN T
WahaElLET,

e BT —T7NDRREL F 71— FOMITIRIZEI L £ 7
BT T — 7V OEIER Bt S L OMELS 2 DICRALL 7,

Example in use

KuAhzosd

Iceberg 7—7NVDAF =<, B, N—=Ya Y Z2BEIfT XX T - —LX:
s B DT> Y (Spark, Trino, Postgres) [TOFEERMAEHMED 72 HITHE
« HM & (Lakekeeper) F 7213450 (AWS Glue, Nessie. Polaris 72 &) A3SA] B
* PGAA & PGD 1Y% & % Iceberg REST 7 X 0 ZA\D#Fi kR — b L TVWET

Example in use

L1 oF%—N—
HM 23T % Ieeberg I X 02 H— L R
o TARN=TT—=TNOhRAZu 7 2RELET
e ARV THEITK S PGD BE(LT — 7 A 7 e — FE2H K-}
s WAV I R=ZADT — 7 )AEHI % U T Lakehouse 7 7 AKX — 27 TV ZHKR— b
* Iceberg REST 1 % v 2" API % fifi ]

Example in use
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F—FoT7—=TIREH
DA SN BELEI N7 7 AL LA 7Y b e X & TF— XA
¢ Apache Iceberg
s TILZH
AT —ZANDILFITYIY 7722 HMILE T (Spark, Trino, Postgres Lakehouse 7% &),

F—=7o7—=TIER

NI Mk hfzoTI> oY
T—=REFINYyF T T TIERL) WSy
o MY TV EEEL
o BHTO CPU #%6E (SIMD) ZiEH
e Lakehouse 7 7 A X —D 7 LY RT3 —~< ¥ A& iEfk

EDB Lakehouse 7 5 A X —iZld. Z D7=®IZ Apache DataFusion 2SHDIAENTNE T,

T— MR

Ryb. D=L, A-IRT—RZERLZA L —YEIRFT 5771
e Ry b s E#ENI VY2 a Y PGD / — K
¢ A=V RN 3 FTI2I P A= (TARAN=T T—=T)L)
o PEER T — 7 L1% Postgres + HM TZ DX — Y% HELL £ 5

B 7 —2EEE

AbL—=2aAYEa—F1 2705
Lakehouse 7 —F 7 7 F v TIN5 8% -
s ATV F A=V TR EMET 2 ML TRy —Y v 7 HhE
¢ AL =Y XML THa Y Y a—7 4 2 (Lakehouse 7 7 A % —) %ikik
AR MIEBEL WD D20M 7 —F 77 F ¥ 2FEHBHL F7,
EEfE: A= aAvEa—Fao 00
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RDRT 97
HELHEZHELS
* Learn Analytics Concepts
* EDB Postgres Lakehouse
» EDB Postgres 381 (PGD) L BERB{tT—7 )L

¢ See How-To Guides

9.5 Analytics Accelerator learning paths

INSDFEARR MM LT, BRSO SR FEECRECTIRCES £ T, BN ZHEL
S

9.5.1 CNSDFEZHNADEWVS

FIEOHER Y BEIIZE o7 L ANV ERER L TL P E WV, BT, &3, Ny —30%, EEBKY
BRF2a—bUTNEEOHETA FADY Y IBH D FT,

BELZINEYy ZFEIZOVTIE. XREDB L —=2 27705 02 &L P X0,

9.6 Analytics Accelerator learning paths

WHRE: HBH#PEE, a7 727 /0P —2EZBHCEHTE 32— —, DBA, 7— XLy =7, H
HEEIHELTVWET,

,,,,,,,, . EDB Postgres Lakehouse, PGD 7V 7 4 7 2 (REJ@{t7— 71 % &¢). Iceberg/Delta Lake #i &
@%ﬁmtﬁ@ﬁﬁﬁ{io BRI 2 — R — R L WK,
FERA:

» EDB Postgres Lakehouse 7 7 A X —Dty b7 v T 7Y

» Apache Iceberg 33 X OF Delta Lake 7 — 7V TIEET %

» EDB Postgres Distributed (PGD) % i L TEAN LR 7 — 7 U 2 55T 3
« BI Y — /L% Analytics Accelerator IZ#555¢ 5 %

e BILAR— b BT — &0, EHOMCONZEH S 5

REHTE L & 5: Analytics Accelerator concepts + How-To Guides

9.7 Analytics Accelerator learning paths

9.71 EDBO ML —Z>VJ L EEE
BHFRIC XL AIEE L ANREEICOVWTIE,. EDBD ML —=r 77 a5 A RERZ ZB LI W,

* Analytics/Lakehouse (TH22B8)
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* Analytics/Lakehouse ((EB23B)

9.8 Analytics Accelerator learning paths

9.8.1 XDRXTv
e Analytics Accelerator generic concepts “CH:ME % 5 <
* Analytics Accelerator concepts © EDB D7 7’0 —F 2R
* How-To Guides THIEKZICH T %
* Analytics Accelerator use cases TR T 7V r— a Y 2R

IO DFEE AR LA LT, BRAGD & SEREHE{L 7 —F 7 7 F ¥ £ T, Analytics Accelerator D
HMAGREZRDEL & 9,

Foundational concepts

THEVT4ART 7RIV —ROBEMERD AT ERDIEZTEFAINIUI. TIhoRDEL xS, D
LAUE, BFTDT F VT 4 7 RO MO THEITT, $REEE LWSAT IR SN TVWE T,

CTmRYITNAVR T—=RVLAT, LATNTRT —XT 7 F ¥ DHERR
c FHEARA PL—YEeRT LI TV Z VDY

o A =727 —7 N Apache Iceberg B & U Delta Lake

* EDB Analytics Accelerator D> a a7 7 —F%F77F %

e DDA ML —Yarya—T4 7 ROHET 22 OffifE
& BREIIC

* Analytics Accelerator generic concepts

* Analytics Accelerator concepts

HERFENZ
1. Analytics Accelerator generic concepts
2. Analytics Accelerator concepts
3. Understanding Apache Iceberg with EDB solutions (29> 3> > 713 BiE#H)
4. Understanding Delta Lake with EDB solutions (£ 2> 3 > > 2 (3% HigH)

* EDB Postgres Lakehouse
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RDRAFTw T

101 25T L=, ROEEICHEAF T,

Practical application and core solutions

FLEEHIER % Hc, FEER Analytics Accelerator 727 / 1Y — ZEREICHEA LI £ 3,

SRS
 EDB Postgres Lakehouse 7 7 2 X —DFE & 7 TV Fiik
* Apache Iceberg & Delta Lake D7 — 7L DffiV T

PGD CFELT — 7N % EH T 2 )51k

BI 7 — /L% Analytics Accelerator (2345t 3 % /512

s INBHDT I/ uY—% Bl LKR—}F, BET—XoN. EHOINCEA S 35 51E

& BREIIC

* Analytics Accelerator concepts

1. Create a Lakehouse cluster

2. Configure an Iceberg REST catalog connection

3. Query existing Apache Iceberg tables

4. Query Delta Lake tables

5. Configure PGD node group for analytics offload

6. Configure BDR AutoPartition with analytics offload
7. Query Tiered Tables from PGD and Lakehouse

8. Connect BI tools to the Lakehouse (R EICH L T)

RDRATFw S
201 5T L6, ROFIEIHK > TLEFE W,
X

Advanced techniques and optimization

BELRELE 7 —F T 7 F ¥ RE =V IHT 2 EFIHEE RO VRS E R —Y — T—F T2 b,

IYI=F7ATTT,
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FERE
* EDB Postgres Lakehouse, PGAA. PGFS O =2 MK
o R MULENZZ7Z VATV AN L=V T 7 RRADNRT 3 =RV AF a2 —=V
e AR P ERT F— Y A ERELT 5 EMLREL T — 7 VR
s MER Iceberg H X B 7 OEBE H— R =T 1+ h X 7 OHiE

* Analytics Accelerator ¥ fiddD 7 —% 71—V —2 (Spark, ANV =3IV 75w b7 x—20) %M
AEDELY Y 2 —> 3 Y ORET

o« WML 7TV EF—ZRL PS54 DY I TAS a—F 4 V7

o PHRIBIZBIIZ2 X2 VT4 DRANSFI7T 4 R

& BREIIC

* Analytics Accelerator concepts

HRFBNZ
1. Performance tuning for Delta Lake queries
2. Monitor Tiered Tables status and storage savings
3. Advanced Iceberg catalog management (£ > 3 > > 7 (3% BRME)
4. Architectural patterns for real-time vs. batch analytics (22 >3 > > V3% BiRH)
5. Analytics use cases and industry solutions
6. Analytics Accelerator for your role

7. Security best practices for analytics environments (£ < 3 > 1) V7 3% BiRH)
RDATYT

RED ML == FEREZBRI LTS W,

¢ EDB Training portal

9.9 a persona-based guide

ZDH A RTIE. EDB Postgres ® Al & 3HERELRIE ORENCEOETEH T 2 HiEX L £ 3. EDB
EDB Postgres Al &, BV =—XZHMIGT 258N 75y b7+ —oZRBMMLET, ZoH A FIE,
HIEERIC BRI RT3 2 DI B £3,

9.9.1 REZHRECRDITS
o F—ANR—EIRHE (DBA)

e DevOps TV Z7 /94 MEFEMI > Z7 (SRE)
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« F—BYLIVT 4 ANF—ETFYR
s 7TV —a EARE

INBHDY Y a— a % EDB Hybrid Manager (HM) N THEEE L EH T 2 HIEDFFMIZOWTIE,
Analytics Accelerator for your role: a persona-based guide SR L T 723\,

9.9.2 F—H~—XEIEE (DBA)

F—RAR—ZAA VT FTANSTIZF v DRT +—< VA, M. aX MR, BEEMICESATPE=XET,

F2BFEX Analytics Accelerator V') 2 —> 3>
NT A= VRDEREFa—=>7

BTV R bvky 7, JENRNLRY Y - AEHEZREL LT, HM Xy > 2R — FZ{EH LT, EDB
Postgres Lakehouse ./ — R & PGD 27 5 A X —D 87 4 —< Y A %ML EF, Analytics Accelerator for your
role: a persona-based guide o

ALL—UEEEOX FOREL

KR T — 2R BET -2 %2 a X MR X B L £3, PGD & EDB Postgres Lakehouse D F& &1L
T—INVEMHLT, 3=V RKTF—=X%F 727 PR ML= (Iceberg 7—7 02 LT) A7 —F
L %79, Analytics Accelerator for your role: a persona-based guide , HM %/ U CRfE{b 7 — 7V 2 EH L
£,

FYNITFATSIZT

AbL—=yrar¥a—747D=—X%TFTHIL%T, Lakehouse ¥ HM X' v & 2R — KT, BEDAK
ERZ—V e BEDHEHRZ M L7, Lakehouse DAV a—F 4 Y22 A ML — OB L
T, ERBRATr—) U I RERLE T,

PRT—RDNY I Ty TEER

ATz AL —YHNDT - R EHHEX R T —REREL LT, Iceberg H X 0T DNy 77 v T
EHM Ny 77 v TH TS a V- TL I E W, Analytics Accelerator for your role: a persona-based guide

o

BRDI-DHDT—2T U1 ADHER

F—RXT7FYRAPT XY A LT 4 AN, N7+ —VACENGZRR 7 7 A RHEMBELE T,
Lakehouse / — F ¥ PGD 70— FZfHT AL T, P UHF I a v AT AANDEER H/NRICHI
ZAEFET,
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HEIY—2Z
* Analytics Accelerator for your role: a persona-based guide
* Analytics Accelerator for your role: a persona-based guide

* Analytics Accelerator for your role: a persona-based guide

9.9.3 DevOps TV =7 | Y1 MEFEMTI > =7 (SRE)
BBk, 1 Y7 7RA 72 27F B, X5 —7 V74, BEME BXOABHMECESRTEZ£T,

F7E1Er Analytics Accelerator V') 21— 3>
B#/OE a=Z > L ER

Hybrid Manager Z{fH LT, 2> Y —/L, APL. %7:1% CLI#£H T Lakehouse 27 7 A %X — L B# Y ) — X
Z7ubya=r7L%ETF, Analytics Accelerator for your role: a persona-based guide

Rr—3EUT1 LK

FZEZIH U T Lakehouse Da v P a—7 4 7 VY — R REARNHRL £3,

SR v BRI AT REE
DS RAT DT 3 —< A, @M, a2 Erf{bLE S, HM Xy > aR— Fn ZEeE% iR

L %9, Analytics Accelerator for your role: a persona-based guide

T—RNATSA2ERMTTVr—3> 078 ClICD

A ¥ —~<DZH (Iceberg DiEfl) & PGD #EHOD T — & + 71— K% Cl/ICD 84 754 VIZHEL 7,

JZTURVY—ROAX+ERE

FITS 27 PR ML=V iasa—T4 v 70OaX s 2B0 - ZEbLEST, HM VY — XA V¥
A MEFEHLE S,

HRYY -2
* Analytics Accelerator for your role: a persona-based guide

* Analytics Accelerator for your role: a persona-based guide

* Analytics Accelerator for your role: a persona-based guide

994 T—EYAIVTAAMNT—RTFIXL

RO, EFVOME, EIOFX X LOEMANDRIBICERZEE 7,
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F7B4ZE L Analytics Accelerator V') 2—> 3>
KRETEHRET—2EY bADTIEX

Lakehouse / — K%/ L T, Iceberg £ 7z1% Delta Lake 7 — 7 b & L TIRIEI N KB T — Xy v &2
TYTEZJ, Python, R, SQLZ 547> b, BIV—LZFHTE T,

TR DEBLIRE

Lakehouse / — FZNLTSQLEHALTT—XD7 41XV v 7, Eit. BHEEITLED,

F—FoT—T IR DIEE

Iceberg 7— 7L ¢ Delta Lake 7— 7L TAF—< D, XA L FF~L, ACID 7> ¥ 7> arzif
AL %79, Analytics Accelerator for your role: a persona-based guide , Analytics Accelerator for your role: a

persona-based guide .

F—=RAYAITIRAY=ILELVTL—LT—T L DHBEE

Lakehouse 7 TV OfEH % pandas, R 57— X 7 L — A ZHiAA LA, Spark, TensorFlow, PyTorch Cfififf
L%79,

JITIVNTA—I VR

Lakehouse / — FORZ b ALEI N7 VoI v 2 HHLTHW SQL 7o) #E3# L L £ 7,

HRIY -2
* Analytics Accelerator for your role: a persona-based guide
* Analytics Accelerator for your role: a persona-based guide
* Analytics Accelerator for your role: a persona-based guide

* Analytics Accelerator for your role: a persona-based guide

9.9.5 7V r—a HEE
F— X7 7Y r— 2 Y OWE L AEOEDALICEREBE £,

F72HiZr Analytics Accelerator V') 2—> 3>
DIEREZRR =T TV 75— 3 Y DBE

Lakehouse / — F £/ PGD #ANMD L Y A ZFHHL T, 7 V5 —>a Y TLR—b, Xy ¥ aR—
R, T—XERPEMHELE T,
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ARG LR — O T ZEMICNIET S

KL EHBLXUOBRE T — 427 ) % Lakehouse / — RicA7u—FLE3, BEILT—I L 2#HL
T, BEZ ) 20 ICILAL £3,

HMETSYRITA—LDDBT—RICTIERTS
ERF— & ath7T—XOMAIC—EL=SQL 7 7 A2 L £5,

AVML T 7V —2 3 VO3

Lakehouse / — FZHHLTML EFNV F— X2 REBL U772 LET,

RV —2
* Analytics Accelerator for your role: a persona-based guide
* Analytics Accelerator for your role: a persona-based guide

* Analytics Accelerator for your role: a persona-based guide

EDEMAT A X ROV TE, UFD VY —2% T2 E W, HM FER OEEFIEICOWTIE,
Analytics Accelerator for your role: a persona-based guide #Zf L T 72X\,

9.10 Analytics Accelerator tutorials

D+t 7> a Tl Analytics Accelerator ZfH U THEMNLY V 2 — a Y 2R T 5 7-0 OFEMl7L 2
TYITNART v TDF 22—+ Y 7T OWTHHIL 5,

F a2 — b 7UVXFEERENET, BEBELBRERREERT 2720054 Fekh T, 2L 05EE, BHO%
HEPHER R AEDE., XY RERBEE2BRT 2 HE2WHLE T,

FRED X R 712 % il ¢ BRI R FIECOWTIE,  How-To guides 2SR LT 72X\, Hybrid
Manager (HM) BB DF 2 — b U 7UIZDWTIE, HM analytics tutorials 2S8R L TL 72 & W,

9.10.1 Fa—kUZILDATIY
FLOHICCERTOS TS b

EDB D&M o iikRE 2 WD TS 2 2 —H — & 70> = 7 P 2HRT 2 2 —F —[IFDF 2 — b
V7,
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Fa—tUT7IL

** Analytics/Lakehouse ** LN )b: F)0E WEEPTERRE: £ 45 /7 {ERASRG: Postgres Lakehouse, PGAA.
PGFS Ex#&#&%R: Postgres Lakehouse / — K %35 EIF, Postgres 264 79 =7 PA ML =Y %27 T L
F3, BEBLR: T—XLA2U/\TJRX, EDB Postgres Lakehouse

** Analytics/Lakehouse ** L-~N\)L: #10E HEEFRERFRE: £ | FiERSM: Postgres Lakehouse. PGFS.,
Delta Lake RAKIER: £7— X% 4727 b AL =B — KL, Lakehouse 7—7L & LT/ TV %
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https://enterprisedb.com/docs/edb-postgres-ai/ai-factory/learn/explained/ai-factory-concepts
https://enterprisedb.com/docs/edb-postgres-ai/hybrid-manager/analytics/learn/
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